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3DMatch 3DLoMatch
# Samples 5000 2500 1000 500 250 | 5000 2500 1000 500 250
Feature Matching Recall (%)
FCGF [CPK19] 969 969 962 959 945 | 733 734 710 688 645
D3Feat [BLZ*20] 947 951 943 938 923 | 639 646 630 621 596
SpinNet [AHY21] 974 974 967 965 941 | 752 749 726 692 61.8

Predator [HGU*21] 962 962 966 96.0 960 | 73.7 742 750 748 735
CoFiNet [YLS*21] 974 974 972 972 973 | 786 788 792 789 1792
YOHO [WLDW22] 978 978 974 976 964 | 77.8 778 763 739 673

RIGA [YHQ*24] 982 982 982 98.0 98.1 | 845 846 845 842 844
GeoTrans [QYW*22] 978 979 981 977 973 | 858 857 865 86.6 86.1
RoITr [YQH"23] 982 981 981 981 981 | 894 892 89.1 89.1 89.0
GETr (Ours) 982 982 983 983 982 | 89.6 89.6 894 894 89.0
Inlier Ratio (%) 1
FCGF [CPK19] 493 471 425 374 306 | 173 164 146 125 102
D3Feat [BLZ*20] 377 377 370 360 346 | 121 121 119 117 112
SpinNet [AHY21] 487 460 406 351 29.0 | 257 239 208 179 156

Predator [HGU*21] 528 534 525 500 456 | 224 235 230 232 216
CoFiNet [YLS*21] 46.8 482 490 493 493 | 215 228 236 238 238
YOHO [WLDW22] 641 604 535 463 369 | 232 232 192 157 121

RIGA [YHQ*24] 685 698 707 71.0 712 | 321 335 343 347 350
GeoTrans [QYW*22] 682 725 733 795 823 | 400 403 427 495 541
RoITr [YQH*23] 823 823 8.6 826 826 | 532 549 551 552 553
GETr (Ours) 775 824 833 840 854 | 475 515 548 555 574
Registration Recall (%)
FCGF [CPK19] 903 912 904 87.8 833 | 586 587 547 448 347
D3Feat [BLZ*20] 913 903 84 852 808 | 553 535 479 436 335
SpinNet [AHY21] 932 932 91.1 874 770 | 61.8 59.1 53.1 441 307

Predator [HGU*21] 920 928 920 922 895 | 586 595 604 586 55.8
CoFiNet [YLS*21] 920 914 910 903 896 | 625 609 609 599 565
YOHO [WLDW22] 925 923 924 902 874 | 668 67.1 645 582 4438

RIGA [YHQ*24] 930 930 926 918 923 | 669 676 670 665 662
GeoTrans [QYW*22] 920 91.9 918 915 914 | 718 720 720 716 709
RolTr [YQH*23] 947 949 944 944 942 | 772 765 7166 7165 760
GETr (Ours) 948 945 946 944 941 | 771 768 767 767 764

Table 1: Evaluation results on rotated 3DMatch & 3DLoMatch with
different number of samples.

1. Additional Experiments

In this section, we will present more results of experiments. As
shown in Tab. 1, we further evaluate the performance of our method
on rotated 3DMatch and 3DLoMatch benchmarks with varying
number of samples. Our method shows outstanding and comparable
results.

We also demonstrate our results with other methods w/o
RANSAC through RRE and RTE these two metrics. As shown
in Tab. 2, our method has better outcomes on 3DLoMatch dataset,
which indicates our method has better performance for low overlap.

We present the scene-wise registration results on both 3DMatch
and 3DLoMatch in Tab. 3. We adopt Registration Recall, Relative
Rotation Error and Relative Translation Error three metrics. It can
be found that our method achieves excellent performance on most
scenes, especially on 3DLoMatch dataset. We also present the scene-
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Model Estimator 3DMatch 3 3DLoMatch )
RTE (cm) RRE(°) | RTE (cm) RRE (%)
Predator [HGU21] RANSAC-50k 6.4 2.029 9.3 3.048
CoFiNet [YLS*21] RANSAC-50k 6.4 2.002 9.0 3.271
PCR-CG [ZYH"22] RANSAC-50k 6.1 1.993 8.7 3.002
GeoTrans [QYW*22] | RANSAC-free 6.1 1.772 8.8 2.849
REGTR [YL22] RANSAC-free 4.9 1.567 1.1 2.827
PEAL [YRZ*23] RANSAC-free 6.2 1.748 8.7 2.788
GETr (Ours) RANSAC-free 5.1 1.616 7.1 2.372

Table 2: Evaluation results w/o RANSAC on 3DMatch & 3DLo-
Match.

3DMatch 3DLoMatch
RR (%) RRE(°) RTE(cm) | RR(%) RRE(°) RTE (cm)
Kitchen 99.4 1.835 43 90.5 2415 6.2
Home_1 98.9 1.488 4.7 752 2.449 72
Home_2 86.3 1.745 55 779 2.723 6.7
Hotel _1 99.0 1.415 4.8 94.9 2.171 74
Hotel_2 95.7 1.523 4.6 78.0 2.441 7.5
Hotel_3 92.4 1.337 43 65.8 2.484 52
Study 93.5 1.925 6.2 60.7 2.893 10.4
Lab 92.8 1.455 59 73.4 2.631 8.0
Mean 94.8 1.590 5.0 77.1 2.526 7.3

Table 4: Scene-wise results on rotated 3DMatch & 3DLoMatch.

wise registration results on rotated 3DMatch & 3DLoMatch datasets,
which can be seen in Tab. 4.

Finally, we show more registration results in Figs.1-3.
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Model 3DMatch 3DLoMatch
Kitchen Home_1 Home 2 Hotel_1 Hotel 2 Hotel_3 Study Lab Mean | Kitchen Home_1 Home_2 Hotel .1 Hotel 2 Hotel 3 Study Lab Mean

Registration Recall (%) *

FCGF [CPK19] 98.0 94.3 68.6 96.7 91.0 84.6 76.1 71.1 85.1 60.8 422 53.6 53.1 38.0 26.8 16.1 304 40.1
D3Feat [BLZ*20] 96.0 86.8 673 90.7 88.5 80.8 782 644 816 49.7 37.2 473 478 36.5 31.7 157 319 372
RI-GCN [KPH20] 90.2 79.2 58.5 86.3 744 76.9 709 622 749 56.6 323 428 526 27.0 512 250 348 410
Predator [HGU*21] 97.6 972 74.8 98.9 96.2 88.5 859 733  89.0 71.5 582 60.8 715 64.2 61.0 458 39.1 59.8
CoFiNet [YLS*21] 96.4 99.1 73.6 95.6 91.0 84.6 8.7 844 893 76.7 66.7 64.0 81.3 65.0 634 534 696 675
RIGA [YHQ*24] 97.8 934 76.7 98.4 93.6 84.6 859 844 893 77.8 60.6 63.5 794 62.0 63.4 487 652  65.1
PointDSC [BLZ*21] 98.8 974 82.2 98.7 923 92.6 89.0 805 914 - - - - - - - - -
GeoTrans [QYW*22] 98.9 972 81.1 98.9 89.7 88.5 889 889 915 859 73.5 72.5 89.5 732 66.7 553 757 740
GETr (Ours) 99.1 98.2 83.6 98.6 932 89.3 90.6 885 926 88.7 79.5 753 93.7 79.3 69.9 529 746 767
Relative Rotation Error (°) |
FCGF [CPK19] 1.767 1.849 2.210 1.867 1.667 2417 2024 1792 1949 | 2904 3.229 3.277 2.768 2.801 2.822 3372 4.006 3.147
D3Feat [BLZ*20] 2.016 2.029 2425 1.990 1.967 2400 2346 2115 2161 3.226 3.492 3.373 3.330 3.165 2972 3708 3.619 3.361
RI-GCN [KPH20] 2.275 1.877 2.489 2.379 2.574 2515 3.163 2343 2452 | 3.921 3.660 4.165 4.159 4.690 4136 4.568 3.510 4.101
Predator [HGU*21] 1.861 1.806 2.473 2.045 1.600 2458 2067 1926 2029 | 3.079 2.637 3.220 2.694 2.907 3390  3.046 3412 3.048
CoFiNet [YLS*21] 1.910 1.835 2.316 1.767 1.753 1.639 2527 2345 2011 3213 3.119 3.711 2.842 2.897 3.194 4126 3.138 3.280
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PointDSC [BLZ*21] 1.670 1.870 3.360 1.880 1.980 2.000 2290 1910 2.120 - - - - - - - - -
GeoTrans [QYW*22] 1.797 1.353 1.797 1.528 1.328 1571 1952 1678 1.625 | 2.356 2.305 2.541 2455 2490 2,504 3.010 2716 2.547
GETr (Ours) 1.774 1.446 1776 1513 1447 1.682 1759 1528 1.616 | 2417 2.146 2.570 2.340 2.422 2376 2535 2170 2372
Relative Translation Error (cm) |

FCGF [CPK19] 53 5.6 7.1 6.2 6.1 55 82 9.0 6.6 84 9.7 7.6 10.1 8.4 7.7 14.4 14.0 10.0
D3Feat [BLZ*20] 53 6.5 8.0 6.4 7.8 4.9 83 6.4 6.7 8.8 10.1 8.6 9.9 9.2 7.5 14.6 13.5 10.3
RI-GCN [KPH20] 52 6.3 79 8.0 7.6 5.6 11.7 6.4 7.3 9.0 10.0 9.8 129 10.9 9.2 14.6 10.1 10.8
Predator [HGU*21] 4.8 5.5 7.0 7.3 6.0 6.5 8.0 6.3 6.4 8.1 8.0 8.4 9.9 9.6 7.7 10.1 13.0 9.3
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Table 3: Scene-wise results on 3DMatch & 3DLoMatch.
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Figure 1: More registration results on 3DMatch and 3DLoMatch.
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Figure 2: More registration results on KITTI.
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Figure 3: Some failed cases on 3DMatch and 3DLoMatch.
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