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M. Chen and A. Golan, What may visualization processes optimize?, 

IEEE Transactions on Visualisation and Computer Graphics, 2015 







Observational Visualization



Observational Visualization



Information Theory and Visualization 

1. Data Intelligence  a big picture 

2. Visualization  a small picture 

3. Measurement, Explanation, and Prediction 

4. Example: Visual Multiplexing 

5. Example: Error Detection and Correction 

6. Example: Process Optimization 

7. Summary 

Min Chen 




