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/ Introduction and Abstract \ / \

» Current virtual clothing design applications mainly use Boundary term:
predefined virtual avatars which are created by professionals.
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* The models are unrealistic as they lack the personalised body

shapes and the simulation of human body muscle and soft tissue. | | Where Bi is the iy point on the boundary of images, llx(.) 1s the

project function and U; 1s the corresponding points of B; on the

. _ o boundary of projected model.
» 2D Images are the most convenient data source for acquiring 3D

model for real people in the scenario of realistic virtual dressing Results

Objectives

» We acquire our realistic human body avatar from single 2D image

* To estimate human body shape and poses more accurately

* To put a step forwards clothing design and manufacture through
Internet

Methodology

* Build stable pose prior

* In the scenario of virtual clothing design, people commonly stand
or move slowly 1n front camera.

* We define the stable poses to be those that change slightly 1n a
short period of time. For each frame, we calculate the pose
difference between its neighboring frames:
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Our results

SMPLify
results

* Full body estimation

* We take SMPL as our human body representation. Given the
detected 2D joints and boundary of images, the full body
estimation 1s formulated as :

E(ﬁ! 9) — EM(ﬁ; 9) + Eb(ﬁ! 9; K! U)

* The Ey(B, 0) is the estimated human body model only relying
on 2D joints J,¢; by :
Ey(B,0) =E;(B,0;K,]est) + AgEs(0) + A,E,(0) + AgEp(B) SMPLify

results

Our results

* where E| 1s the data term which penalizes the distance between

estimated 2D joints of 1images [, and the corresponding R
projected SMPL joints. Eg(f) is shape prior. Egg and E, are Figure 2: The qualitative comparison of our method with SMPL.Ify.

pose prior which are learned from precomputed stable poses.
Here, E gg can favor probable stable poses over unstable ones.
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